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Company profile

SEB

SEB Latvija (SEB banka) is the Latvian subsidiary of the
Swedish SEB Group, a major Nordic bank. It offers
comprehensive financial services for private and
corporate clients, including daily banking, lending,
savings, and investment products, while providing
digital banking via apps and online platforms. SEB has
a strong presence in the Baltic region, consistently
ranking among the top three largest banks across
Lotvig, Lithuania and Estonia, which reflects the scale
of its operations.

Interviewees

Raivis Lazdans

Lead automation developer /
RPA team lead

Customer Data and Strategic
Transformations department

As Lead Automation Developer/ RPA Teom Lead at SEB,
Raivis is driving the implementation of automation
solutions, with a focus on Robotic Process Automation
(RPA) and Al-driven initiatives. He is leading strategic
projects that leveraoge intelligent automation to
optimise workflows, reduce operational risk and
enhance efficiency, while mentoring teoms and
ensuring complionce and scalability.

Kalvis Janis Teterovskis
Delivery Teom Lead

Data Processing

Finance, Risk and Data

Kalvis leads Al ond Data Processing teams at SEB,
driving the development aond implementation of Al
solutions across the organisation with o focus on
leveraging Generative Al to automate routine tasks,
elevate productivity, and enable smarter ways of
working.
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What are your Al use cases?

With respect to artificial intelligence, the bank has pursued o gradual, exploratory
approach. For the past three to four years, we have been working with machine learning,
which is a subset of Al. These solutions have been developed internally by our data
scientists, as we do not rely on “off-the-shelf tools. Instead, we create custom-built systems
that operate within our infrastructure, primarily due to GDPR complionce and other
security considerations.

Our initial implementations combined machine learning with robotic process automation
(RPA) to handle repetitive operational tasks. Yet, over time, we realised that many processes
required more advanced capabilities than RPA could provide. This led us to collaborate
with students from Tartu University on a pilot project involving image recognition. The
algorithm could distinguish, for example, whether an image was a document or a property
photo and in the case of property images, identify whether it depicted an interior or
exterior view. This initial automation is still in use today for real estate evaluation in cases
of loan applications.

Building on that success, we have since implemented additional custom machine learning
solutions, particularly for document processing and text classification. For example, some
models work with identity documents. These represent our early steps in Al, and they are
not merely experimental, but part of an ongoing effort that has been in place for several
years. It is also worth emphasising that, while current market trends focus heavily on large
language models (LLMs) and, more recently, agentic Al systems, traditional machine
learning continues to play a vital role in delivering tangible benefits that should not be
overlooked.

“While many now associate Al primarily with large
language models (LLMSs), traditional machine
learning remains highly relevant.” - Raivis

These models are designed for specific use cases, and this targeted approach is an
effective way to leverage machine learning within the broader Al landscape, ensuring
maoximum value for each application. However, these solutions often involve costs, whether
through licensing or in-house development, which requires substantial time and resources.
As a financial institution, we must carefully evaluate return on investment. Any solution we
develop and deploy should deliver measurable benefits over the long term, ideally within a
few years. If a project proves unsuccessful, it is either reworked or discontinued.

Beyond computer vision, we have implemented several additional solutions within the
bank. These tools assist multiple teams in processing diverse document types. For example,
some algorithms identify specific elements within documents based on predefined
templates, enabling accurate extraction of relevant information. Similarly, signature
detection models determine whether a document has been physically signed. While these
machine learning algorithms are not always 100% accurate, they are continuously refined
and improved by our RPA or data scientists.

Most of our solutions are developed and trained in-house. In some cases, we use pre-
trained models built on large, general datasets, which we then fine-tune for our specific
use cases. This approach allows us to balance efficiency with customisation, ensuring that
our models meet the unique requirements of our operations.
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How did you introduce Al into the
workplace?

From an internal perspective, data protection and technical security considerations
strongly influence our approach. Engaging external parties inevitably raises questions
around data access and data location. Given that we have sufficient internal capacity and
expertise, it is generally more efficient to develop solutions in-house. While external tools
may be used, they are deployed within our own architecture so that data does not leave
the organisation. When necessary, external partners can support the implementation
process; however, their role is advisory in nature aond does not involve access to
production systems or real customer data. This ensures full compliance with GDPR and
internal governance requirements.

Furthermore, all solutions are subject to continuous performance monitoring. If a system
underperforms, we either discontinue it or reassess how it can be improved. It is
uncommon for new solutions to function optimally upon initial release, and iterative
refinement is therefore expected. Measurement is thus an ongoing process.

Alongside operational metrics, we also track customer satisfaction indicators, including
qualitative feedback. These insights help identify weaknesses and inform investment or
improvement decisions. As an example, we measure average case handling time - from
initiation to completion - and combine this with annual case volumes to calculate full-time
equivalent (FTE) savings. A significant number of FTEs have been automated within the
bank. While not all of these automations rely on machine learning (ML), the latter enables
the automation of processes that were previously considered unsuitable for such
treatment. This approach is supported by an organisational culture that promotes growth
and continuous learning. Employees are expected and encouraged to develop new skills
and are allocated dedicated time to do so. The organisation supports experimentation
and the development of new ideas, particularly where they address clearly identified
operational challenges.

“With sufficient curiosity and willingness to innovate,
most processes can be re-evaluated.” - Kalvis

From a sociological perspective, automation is often mistakenly associated with workforce
reduction. In practice, however, new roles, regulatory requirements, and tasks continually
emerge. Experience shows that initial resistance is common when automation is
introduced, but this typically diminishes once early solutions are implemented. Over time,
interest grows and employees begin to actively propose additional use cases. Automation
alleviates the burden of repetitive tasks, which few employees wish to perform on a daily
basis, and this shift contributes to increasing acceptance and momentum.

From a regulatory standpoint, certain Al applications, such as biometric surveillance or the
classification of individuals based on financial attributes, are restricted under the Al Act.
These use cases have not been considered relevant to the organisation’s activities, and
established governance practices ensure complionce with applicable regulatory
requirements.
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Has Al affected the valuation of
skills in your company?

Periodic reviews of the bank's skills matrix indicate an increasing emphasis on
competencies related to digitalisation and automation. Employees are not expected to
develop code or machine-learning models themselves; however, the ability to effectively
use Al-enabled tools, such as large language models, is already considered an asset. More
broadly, organisations and individuals that fail to adopt Al and machine-learning
technologies risk falling behind.

In large, established organisations, the creation of new formal roles and structures
typically occurs gradually. At present, responsibilities related to Al and advanced analytics
are partially embedded within existing teams, supplemented by cross-functional or virtual
contributions. Previously, specialised data science roles have existed, but as Al initiatives
expand, these activities - currently often treated as additional responsibilities - are
expected to evolve into more clearly defined and dedicated organisational units. This
progression is inevitable as capabilities mature.

At the individual level, engagement with technological developments may fluctuate
depending on time and personal motivation. Staying informed might involve reading
research articles, listening to expert discussions, or following podcasts. Although such
sources may pursue commercial interests, they remain valuable for understanding recent
developments, practical experiences across organisations, and lessons learned regarding
the application of Al. Learning from the experiences of others is often highly effective,
complemented by tracking the strategic directions of major industry players.

At the organisational level, structured mechanisms support this learning process.
Dedicated innovation teams continuously monitor emerging trends, and the organisation
regularly hosts innovation events, internal seminars, and knowledge-sharing sessions
involving both internal and external speakers. Employees are encouraged to attend
relevant external seminars where these are deemed beneficial to their work, with
managerial support and, in many cases, company funding. This reflects a broader
innovation-oriented culture that fosters both individual initiative and organisational
learning. In addition, knowledge is actively shared externally through lectures and
presentations at universities and other organisations, with the intention of generating
mutual benefit.

What benefits have you derived
from using AI?

In the past, a lot of tasks required that you can stay focused for a certain amount of time
and do this one repetitive task. Based on practical experience, large language models
have substantially reduced the effort needed for such work, particularly in areas such as
programming. Tasks that previously required months of learning and experimentation,
such as developing solutions in unfamiliar programming languages, can now often be
completed within hours, greatly reducing time expenditure and increasing efficiency.
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It is also important to note that, based on our experience over the years, automation is not
solely about improving efficiency or accelerating processes, although technologies such
as robotic automation can operate continuously, even overnight. Equally critical is the
improvement in accuracy, as human error tends to occur far more frequently. Machine
learning and computer vision systems, when encountering anomalies or data they cannot
process, are able to flag these issues precisely, enabling human oversight and judgment.

Across the bank, there has been a huge reduction in costs on the workforce with these
automations, meaning that people are not replaced by automations, but they are freed up
to start working on more complicated topics. As a financial institution, we are heavily
regulated and there are constantly new things that need to be worked on. Therefore,
whatever we automate, by doing so we free up people and perhaps in some cases we do
not have to hire additional staff - we can just reassign employees who are already working
on different topics. Notably, these processes are not fully automated by machine learning.
LLMs operate at a high level of abstraction and may produce outputs that are overly
generalised. For this reason, their results must always be subject to human review. Much
like a calculator, the quality of the output depends on the accuracy of the input.

“Errors, such as incorrect decimal placement, can have
serious consequences in a banking context.” - Raivis

Accordingly, human oversight and additional control mechanisms remain essential. When
intelligent automation is combined with appropriate human supervision, the benefits of
efficiency and scalability can be realised while maintaining reliability. Achieving the
necessary levels of security, regulatory complionce, and governance, however, requires
time and careful implementation before such tools can be used responsibly.

From o broader perspective, the organisation continues to maintain a strong market
position, suggesting that its technological adoption is broadly aligned with industry
developments. While there is limited transparent information on the specific technologies
or implementation levels of peer banks in the region, the guiding principle remains
consistent: to deliver the best possible solutions to customers in an ethical, secure, and
sustainable manner. Market stability and growth indicate that this approach has been
effective. Conversely, failure to adopt relevant technologies risks declining service quality,
reduced competitiveness, and eventual loss of market share - an outcome illustroted by
well-known cases of organisations that failed to innovate in a timely manner.

Although precise metrics are not yet available, Al-based productivity tools are generally
perceived as enhancing competitiveness. In software development, efficiency gains are
relatively easier to quantify: teams using coding assistants can be compared with those
that do not, based on output such as code delivered and successfully deployed into
production. For tools such as Copilot, however, measurement is less straightforward. While
these tools are clearly intended to improve efficiency, quantifying their impact is
challenging. Productivity gains vary significantly depending on the user’s role, skill level,
and the specific tasks performed. Consequently, there is currently no robust or universally
applicable data that clearly attributes a specific percentage of time or effort saved to such
tools, particularly given their relatively recent adoption. By contrast, automation tools that
directly execute tasks and generate operational metrics allow for clear performance
measurement. In conclusion, productivity tools that primarily support individual work
processes are more complex to assess, as their benefits are often indirect and unevenly
distributed across users.
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Concluding remarks

The adoption of Al should be driven by
clearly defined use cases rather than
pursued for its own sake. Organisations
should identify areas where Al can deliver
tangible  volue, such as improving
productivity, enhancing employees’ working
conditions, or optimising existing
processes. Equal attention should be given
to the selection of employees involved in
these initiatives. Individuals assigned to
such work should be open-minded,
motivated, and supported by a strong
culture of continuous learning, as the
learning curve in this domain is often steep.
Indeed, employees with a genuine interest
in  innovation  should be actively
encouraged and retained, rather than
constrained by rigid role definitions.

‘Foster the people that are
actually eager.” - Kalvis

Providing space for experimentation and
development can lead not only to
incremental improvements but also to
broader organisational transformation.
Experience shows that initiatives initially
undertaken at a small scale can evolve into
solutions with enterprise-wide impact when
driven by motivated individuals.

Finally, broader demographic trends must
also be considered. In regions such as the
Baltics, declining population levels pose
long-term  challenges  for  workforce
availability. This reinforces the importance
of implementing automation ond Al
solutions that help mitigate labour
constraints, while simultaneously fostering
a culture that ottracts, develops, and
retains scarce talent.
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